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MCMC (Markov Chain Monte Carlo)

MM HARE

Zle c p(c) - prior probability density distributions
p(c | Z) = M p(2) - probability of observed data
p(Z ) pZ | ¢) - likelihood function for parameter ¢
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P(Z|c)ocexp{—z 12 > (zi(r)—lc(t))z}

i 40 teobs(Z))
Yi(¢) - the modeled value at time ¢

Z(?) - the observed value at time t
;2 - the measurement error variance of each data set
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